Benchmarking an operational hydrological model for providing seasonal forecasts in Sweden
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Fig 1. S-HYPE Kling-Gupta Efficiency (KGE) for the available stream gauges. <0 Fig 4. Left: sample hydrographs for an ESP forecast initialised on 15t of March 1982. £ £ £ £ £ £ £ £ £ £ £ £ 5 £ £ £ £ £ £ £ £ £ £ £ 5 £ 5 s

Fig 3. Distribution of forecast skill (CRPSS) for selected initialisation dates and time horizons. Right: forecast skill for selected aggregation periods (1 week to ~ 6 months). Lead time
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